tanitlab@)

WIKI LAB
Keplerf)

Intelligent Risk and Compliance

Management Platform

Al-Powered Solution: Faster, Smarter, More Reliable
v Real-time fraud detection
v Next-generation risk assessment

v Automated regulatory compliance

Version 07 / July 2025




Par tanitlab @)

Onglet 1 : Présentation générale
GENERALITES
|. Architecture Globale du LAB
[I. Contributeurs
lll. Datasets
IV. Scénario
CREATION DES CAS D'USAGE
|. Accés au module Administration
1. Gestion des Use Cases
2. Gestion des Utilisateurs :
3. Paramétres
4. Journaux (Logs)
Il. Configuration d'un Nouveau Use Case
GESTION DES DATASETS
l. Ingestion des données
Il. Script d’ingestion (Job)
CREATION DE SCENARIO
|. Etapes de création de scénario:
ll. Utilisation d’'un Scénario IA
1. Interface de Monitoring de I'lnstance
2. Création de Jobs Automatisés
3. Importation des Datasets
Onglet 2 : Ingestion des données
DATA INGESTION
Introduction
I. Ingestion manuelle via I'interface Kepler
A. Ingestion depuis un fichier
B. Ingestion depuis une base de données
II. Ingestion automatique via Script (Job planifié)
lll. Cycle de Vie du Script
IV. Avantages d’une ingestion centralisée dans Kepler
V. Extraction des Données
1. Mode append (incrémental)
2. Mode overwrite (écrasement complet)
Conclusion
Onglet 3 : Préparation des données
DATA PREPARATION
Introduction
|. Etapes de préparation dans Jupyter
1. Acces a I'environnement
2. Développement des notebooks
3. Visualisation et vérification

O© ©O N NO O O

A DA DADMDEDNMDBAEDWWWWWWWWWWWWNNNDDNDNDNDDN 22222 a4 4
A DN DMNMMNMNN=_2O0OOC OO0 NAOPWONNDNMN N2 NOCWWOONPMDPE, A o0 o©



Par tanitlab @)

II. Automatisation avec Cron Job
1. Transformation du notebook en script exécutable
2. Création du Cron Job
3. Paramétres a définir
4. Enregistrement

Conclusion

Onglet 4: Entrainement des données
DATA TRAINING

Introduction

I. Phase manuelle dans Jupyter
1. Accés a I'environnement Jupyter via KEPLER :
2. Travail dans le répertoire training

II. Création d’'un Job d’entrainement automatisé
1. Création du Job dans KEPLER

lll. Objectifs de I'étape de Training

IV. Visualisation et ajustements

Conclusion

Onglet 5: Scorage des données
DATA SCORING

Introduction

I. Phase manuelle dans Jupyter

II. Automatisation avec un Cron Job

lll. Objectifs de I'étape de Scoring

IV. Enregistrement et automatisation

Conclusion

44
44
45
45
46
46
47
48
48
48
48
49
50
50
51
52
52
53
54
54
54
55
56
59
59



Par tanitlab{)

Onglet 1 :
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GENERAL OVERVIEW

I. Global Architecture of the LAB

USE CASE

|
! ! }

CONTRIBUTORS DATASETS SCENARIO
— User 1 —  Dataset 1 —  Scenario 1
— User 2 —  Dataset 2 —  Scenario 2 |
— —  Dataset 3 —

Each Use Case in KeplerAl acts as an autonomous segment, encompassing access rights,

data, and algorithms. A Use Case is composed of three main components:

1. Contributors
o A list of users associated with the Use Case (e.g., Userl: Data Scientist,
User2: AML Analyst).
o Permissions are managed via the Administration module.
2. Datasets
o Collections of data specific to each Use Case (e.g., Datasetl:
Transactions 2023, Dataset2: Client Profiles).
o Supported formats: CSV, JSON, Parquet (maximum 5GB per file).
3. Scenarios
o Workflows d'analyse ou de modélisation (ex: Scenariol: Détection
d'Anomalies, Scenario2: Scoring Clients).
o Each scenario includes :
m One or more dedicated Jupyter notebooks.

m Configurable Spark resources (CPU/RAM).
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o Only one active scenario is allowed per Use Case.

II. Contributors

The Contributors module enables efficient management of user access and permissions

within KeplerAl.
Key Features :

e Visual and Intuitive Role Assignment

User 1 X X

User 2 X

e Four access levels available:
o Admin — Full access to all settings
o DevOps — Technical deployment and monitoring
o Manager — Project validation and tracking

o Standard — Basic feature usage

III. Datasets

In KeplerAl, datasets are structured data collections specific to each use case. Each dataset is

processed through dedicated jobs to ensure optimal transformation.

Jobs
Dataset 1 — Job 1

Dataset2 +— Job 2

Dataset3 +~—— Job 3

These jobs can also be used to regularly update the source data.
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IV. Scenario

This refers to a test and development scenario. The platform allows testing of new models
without impacting the one currently active in production.

Only one scenario can be active per use case.

A scenario combines multiple Jupyter notebooks into a single job, generating either a Draft

(testable version) or Active (deployed in production) output.

SCENARIO

Jobs
— Scenariol ~—— Job 1

Draft

"\\
— Notebook 1

—= Notebook 2 jupyter

—  Notebook 3

- /

Active 1/

—— Scenario2 +—— Job 2
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USE CASE CREATION

Before any data modeling or exploration, the initial step in KeplerAl is to create a Use Case

via the Administration module. This step structures future work and manages access rights.

= ]
= KEpler‘w Engish L) bahaeddin feriani
Modules
$ =]
Onboarding KYC Client Surveillance Transaction Monitoring & Investigation
itial client profiling to ensure regulatory compliance and assess Ongoing monitoring to detect changes in client behavior and risk Real-time and batch transaction scoring with investigation
profile orkflows
o (9
Y
Credit Risk g & Reg y Ci e
Predicting credit defaults and reclassifying client creditworthiness io pporting
rtir

Settings

& @

Administration LAB

I. Access to the Administration Module

The administrator can access the Administration module from the main menu. This module

centralizes the following key features:

1. Use Case Management

e Complete List: Displays all created use cases.

o Create Button: Allows the addition of a new Use Case.
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Administration>Use cases

bahaeddin feriani

= Kepler @ uecases B¢ sorsmanogement & a fon A

P usecases

View list
This is a comprehensive list of the use cases youve created

Name Description Type Created By Contributors Created On
provision provision Provision bahaeddin feriani Jul 10,2025
key-onboarding-demo key-onboarding-demo KYC_Onboarding bahaeddin feriani Jun 23,2025
chrun uc churn Segmentation bahaeddin feriani Apr4,2025
appetence UC Appetence scoring bahaeddin feriani Apr 4,2025
scoring-client scoring_Client periodic_Client_Surveillance bahaeddin feriani Apr2,2025
caisse Caisse ™ bahaeddin feriani Apr2,2025
transactions transactions ™ bahaeddin feriani Apr2,2025
attribution attribution Module Attribution bahaeddin feriani Mar 6, 2025
segmentation-client segmentation-client cop bahaeddin feriani Mar 6, 2025

Le dispositif frangais de lutte contre le blanchiment des

lab-ft ™ bahaeddin feriani Feb 26,2025
capitaux et le financement du terrorisme

1-100112 > ol

2. User Management

e Add, modify, or delete users.
e Assign or update roles (e.g., Admin, AML Auditor, etc.).

Administration>Users management

= KEP'EI‘ Q- usersmanagement &) a English bahaeddin feriani
3 user Management
Organization Members List
Explore the complete list of users in your organization.
First name Last name Email Role Invited On Status

bahaeddin feriani baha@tanitiab.com - Dec7,2023

skander hmad skander@tanitiab.com Admin - Dec 7,2023 Accepted ]
mariem sassi mariem@tanitiab.com - Jan 12,2024 Acc ]
fatma hendaoui fatmah@tanitiab.com Admin - Feb 23,2024 Accepted ]

3. Settings

e Custom Labels: Create specific labels tailored to Use Cases and criticality

levels.

Administration>Settings
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& settings

L

abels list

This is a comprehensive list of all the lables you've created.

N

1

2

3

iame

Use Case

probabilite-de-defaut

probabilite-de-defaut

probabilite-de-defaut

probabilite-de-defaut

probabilite-de-defaut

probabilite-de-defaut

probabilite-de-defaut

4. Logs

e Track historical actions and events for auditability (e.g., login

& settings

Level of criicalty

Level 1

Level 2

Level 2

Level 2

Level 3

Level 3

Level 4

modifications, etc.).

Administration>Logs

Logs list

Track the history of actions and events recorded for traceability

date

2025-06-13 0919:22
2025-06-13 09:22:40
2025-06-13 09:23:24
2025-06-13 09:26:54

2025-06-13 09:27:48

I1.

user

baha@tanitlab.com

baha@tanitiab.com

baha@tanitiab.com

baha@tanitiab.com

baha@tanitiab.com

action

login

start

stop

create

stop

@ ross

Type

user

Jupyter Instance

Jupyter Instance

Jupyter Instance

Jupyter Instance

English g°
v
Al - All
Created By Color
bahaeddin feriani )
bahaeddin feriani )
bahaeddin feriani
bahaeddin feriani °
bahaeddin feriani °
bahaeddin feriani °
bahaeddin feriani °

English ‘0

Value

baha@tanitiab.com

Start the jupyter instance for the usecase scoring-client

Stop the jupyter instance for the usecase scoring-client
Jupyter Instance created in the usecase probabilite-de-defaut

Stop the jupyter instance for the usecase probabilite-de-defaut

Configuring a New Use Case

bahaeddin feriani

:

attempts,

bahaeddin feriani

From the Administration menu, the administrator clicks the “=§=> button (located at the top

left of the screen) to initiate the creation of a new Use Case.

Administration>Use cases

Contributors

English

(0]
‘ bahaeddin feriani

Created On

Jul'10, 2025 H
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A configuration window opens, allowing the administrator to fill in the following fields:

e Use Case Name: A clear and unique title to identify the use case.

e Description: A brief explanation of the use case (e.g., Detection of Atypical

Transactions).

o Use Case Type: The administrator selects the relevant category from:

o

o

o

o

o

Onboarding KYC (Know Your Customer)
Client Surveillance

Transaction Monitoring & Investigation
Credit Risk

Provisioning & Regulatory Compliance

e Contributors: il s’agit des utilisateurs (Data Scientists, Analysts...) qui auront acces

a ce Use Case. Ils pourront visualiser les données, créer des jobs de traitement, lancer

des modeles, et suivre les alertes dans la plateforme de monitoring.

Add Use Case

Name*

Description*

Contributors

If no contributors were found, please click, Invite new Contributors.

_L Note : Only the added contributors will be able to view this Use Case in their

workspace.
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Once all required fields are completed, the administrator confirms the creation. The Use Case

becomes active and is visible to the designated contributors.

Are you sure to add this use
Case ?
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DATASET MANAGEMENT

I. Data Ingestion

Data ingestion is done through the LAB module in KeplerAl. It is the first critical step to

bring in data from various sources for processing and analysis.

LAB> Data Ingestion > Datasets

Kepler)

B

P Dbataingestion

(((((((((

Jun 24,2025 Raw C 252 M8 Auto [a]
Apr 4,2025 Raw C 38ME Auto [a]
Jun 24,2025 252 M8 Auto [a]

Jun 24,2025 03M8 Auto o

The data can originate from structured files (CSV, XLSX, JSON, Parquet) or from relational
databases such as MySQL, PostgreSQL, or SQL Server.

? Steps:

1. Selecting the Relevant Use Case
From the LAB module, the user must first select the Use Case for which they want to

ingest data. This allows the datasets to be contextualized and linked to a specific

scenario.

2. Adding a Dataset
Click the == « Add a dataset » button.
LAB> Data Ingestion > Datasets
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) (o]
English ‘ bahaeddin feriani
Filter By Use case
scoring-client -

Jobs

9 —>

Size Category Tags

7R MD Ak =

» The datasets added here will be reusable during the scenario creation phase,

particularly when ingesting data for a Use Case.

3. Selecting the Ingestion Mode Based on the Data Source
LAB> Data Ingestion > Datasets>+

Upload dataset

Select the appropriate method for adding your data *

CSV File Upload
Quickly upload your CSV files with our drag-and-drop feature for seamless
data integration

Database
Conveniently type in your data directly through our user-friendly interface
for precise input control.

Deux cas sont possibles selon le type d’insertion des données :

=>  Ingestion manuel depuis un fichier :

o Download the dataset

o Fill in the following information: Dataset Name (name), used Delimiter

(delimiter), and associated Tags (tags).
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o Drag and drop the CSV, XLSX, or JSON file, or click to select it.

LAB> Data Ingestion > Datasets>+>CSV File Upload

Upload dataset

Name * Delimiter*

name delimiter

Preview

- [ Ingestion from a database:

o Step 1: Select the database type (MySQL, SQL Server, PostgreSQL).

o Step 2: Provide connection -credentials (host, port, username,
password).

o Step 3: Select the table to import.

o Step 4: Configure a scheduler to automate ingestion (Optional) .

LAB> Data Ingestion > Datasets>+>Database

Upload dataset

o Database Type 2 Database Credentials 3 Table Selection 4 Scheduler

MySQL
Basic MySQL database

SQL Server
Microsoft's Data Management Solution

PostgresQL
Q pen-source Database Ma nagemen t
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II. Ingestion Script (Job)

Automated data ingestion in KeplerAl is done through scheduled jobs, known as Cron Jobs,
available in the LAB module.

LAB> Data Ingestion>Jobs
= Kegmlg'!:w (Q) Ingestion de données \;\ Frangais ‘0 bahaeddin feriani

B Ingestion de données caisse

Créez Votre Premier Job

These jobs allow scripts to be triggered at regular intervals (daily, weekly, monthly...) to

process or update data autonomously, without manual intervention.
? Steps:

1. Select the relevant Use Case
2. Click on the “+” button or “Get Started”

3. A Cron Job creation interface appears, structured around the following elements :

Field Description
Job Name Enter a clear name to identify the automated ingestion task

Cron Define the execution frequency using a CRON Expression(Minute, Hour,
Expression Day, Month, Week).
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Script input area | A text editor allows the user to write or paste a Python or Spark ingestion

script to be executed periodically

LAB> Data Ingestion>Jobs>Get Started

(]
(Q) pataingestion 5 Engish Ly bahaeddin feriani

i
x
m

o)
m
=2

Q

F Data Ingestion appetence -

Datasets Jobs

Create Cron Job

Name * Cron Expression *

»»»»»»»
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SCENARIO CREATION

Once the Use Case is created and accessible, the Data Scientist can begin building an Al
Scenario through the LAB module, which includes all features related to data engineering

and model training.

I. Steps to create a scenario:

1. From the LAB module, within the AI Scenario section, select the previously created

Use Case using the dropdown menu.

LAB>AI Scenario

KeplerQ) e 42 @ bahaeddin ferian

l‘" Al Scenario segmentation-clie..~

s

Create Your First Al Scenario

Get started

2. Click the “+” or “Get Started” button, then provide the following information:
a. Scenario Name

b. Description
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LAB>AI Scenario>Get Started

Add Al Scenario

I—uame .

Description *

3. Once the scenario is confirmed, it will appear in the list of scenarios associated with

LAB>AI Scenario
= K l i é ‘0 S
= EpIEr. () ingestionde données (] Scénariola Frangais " bahaeddin feriani

Fitrerpar Use case

P Arscenario key-onboarding-d..~
Vue liste ®
Ceci est une liste compléte de tous les scénarios d1A que vous avez créés
Status. Nom Description Créé par CrééLe
(11} test test-description @ bahaeddin feriani Jul 4,2025

1-t0f1

4. Click on the scenario to proceed to the Jupyter instance setup:
1. Configure the Spark Driver
a. CPU: Specify the number of cores (e.g., 3)
b. RAM : Enter the memory in GB (e.g., 30)
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L

AB> Al Scenario > Example Scenario > Jupyter Instance

F

testExemple

Datasets

Jupyter Instanc: Jobs
1
Create your jupyter intance
Boost your data analysis performance : Explore Jupyter's Benefits
Spark driver CPU * spark driver RAM Spark executor RAM *
Enter cpu cores for driver (ex Enter ram for driver (ex: 3g)
Spark executor CPU *

Enter ram per executor (ex: 20)

Enter ram per executor (ex

spark executors count *

Enter number of cores per executor

Jupyter Instance Resources!

Creating your Jupyter instat

e aware that the total available RAM

ce: Please b CPU cores s

Create
exceed the specified limit.

2. Configure the Spark Executors
a.

CPU per executor: Define the processing power (e.g., 4)
b. RAM per executor: Specify the memory in GB (e.g., 20)
C.

Number of executors: Set the required number (e.g., 5)

3. Click on the "Create" button to launch the instance with the defined
parameters.

4. Jupyter Instance Interface (Post-Creation):

LAB> Al Scenario > Example Scenario > Jupyter Instance

s @] miscenario

churn-ml

(o]

English L) bahaeddin feriani
Datasets Jupyter Instance
Your Jupyter Instance

Jobs.
©Owned By bahaeddin feriani

@ 6-core+15GBRAM [ 384GB

@ Active
Folder paths
Resulttable
~/ Monitoring Dashboard
=
Real-Time insights Track your jupyter Instance via key performance

Percentage usage over tim:
100%
90%

0%

®O0=
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Once these parameters are validated, the Jupyter instance is automatically deployed, allowing
the Data Scientist to write and execute their analysis, transformation, and modeling code

directly within the KeplerAl environment.
II. Using an Al Scenario in KeplerAl

KeplerAl provides a unified platform designed to orchestrate the entire lifecycle of artificial
intelligence (Al) projects. With its centralized interface, data teams can efficiently manage
their experimentation pipelines while ensuring full traceability and reproducibility across all

stages of the workflow.

1. Instance Monitoring Interface

> > >
= @] Alscenario English 0 bahaeddin feriani
= Kepler © o 42
l" churn-ml
Datasets Jupyter Instance Jobs

Your Jupyter Instance

©Owned By bahaeddin feriani

) 6-core+1SGBRAM [ 384GB @ Active

Result table

—~ Monitoring Dashboard
=
Real-Time insights Track your jupyter Instance via key performance metric

cPU =

Percentage usage over time

Storage @O = RAM @0 =

Percentage usage over time

10% 10%

20072025 1:37:4 200712025 3134 2910712025 4:49:4 2900772025 6:25:4 200772025 8:1:4 200772025 1:37:4 200772025 3134 2910712025 4:49:4 2000772025 6:25:4 2010722025 8:1:4
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Once the Jupyter instance is launched within KeplerAl, the Data Scientist is granted access

to a centralized monitoring interface that enables them to:

® Monitor the real-time status of the instance through key performance metrics
(CPU usage, RAM consumption, executor status, etc.).

e Pause, delete, or restart the instance at any time.

e Terminating or stopping the instance releases infrastructure resources for other use
cases or initiatives.

e C(lick on “Open” to directly access the integrated Jupyter Notebook environment

within KeplerAl.

LAB> Al Scenario > Example Scenario > Jupyter Instance

Your Jupyter Instance

©Owned By bahaeddin feriani

@ 6-core - 156BRAM § 384GB @ Active

Folder paths \ 11 stop
4 open

eeeeeeeeeee

T Delete

-~ Monitoring Dashboard
7 Real-Time insights :Track yo

KeplerAl also simplifies navigation to the results generated by Al processes. From the

monitoring interface or directly within the Jupyter environment :

1. Click on the desired Al scenario to view the full list of available Al scenarios.

2. Select a scenario such as KYC (Know Your Customer) or create a new one.

3. Launch a Jupyter instance by filling in the required parameters and clicking the
Create button.

4. A new interface will open, displaying all components of your Jupyter instance (user,
charts, etc.).

5. When you click on the Folder Paths section, a list of HDFS paths will appear. These

paths can be copied and reused in other scripts or workflows.

Modules available in the instance include:
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o Data Prep: for preparing and transforming raw data into a clean, usable
dataset.

o Training: for implementing training and testing algorithms.

o Scoring: for applying scoring algorithms to new instances—typically those

used in production environments.

LAB> Al Scenario > Example Scenario > Jupyter Instance>Folder paths

= KEpIEI‘w %] Aiscenario Engish o° bahaeddin feriani

™~ churn-mi

Datasets \ Jupyter Instance Jobs

Your Jupyter Instance

©Owned By bahaeddin feriani

@ 6-core+15GBRAM [ 384GB @ Active

Folder paths

hafs://localhost:9000/UC_67ef91f5cash3al212b0acs0/683998519ad34904a5c23fae/ data_prep O

hdfs://localhost:9000/UC_67f91f5casbaal2f2b0acs0/683998519a

s}

hdfs://localhost:9000/UC_67ef91f5cashaal2f2b0acs0/683998519ad34904a5c23f e/ scoring [a]

e Links to results stored in HDFS or PostgreSQL databases are readily available and
can be copied with a single click for consultation or sharing.To access them, follow
these steps:

1. Click on the relevant AI scenario to display the full list of available
scenarios.

2. Select an existing scenario or create a new one based on your needs.

3. Launch a Jupyter instance by completing the required fields and clicking the
Create button.

4. A new interface will open, displaying all components of your Jupyter instance
(user, charts, etc.).

5. By clicking on the Results Table section, a list of links to the output data
(HDFS or PostgreSQL) will be displayed. These links can be copied

instantly to streamline consultation or sharing.
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LAB> Al Scenario > Example Scenario > Jupyter Instance>Result table

0
English N bahaeddin feriani

= Kepler) ap—

l"‘ churn-ml
Datasets Jupyter Instance Jobs

Your Jupyter Instance

©Owned By bahaeddin feriani

@ 6-core+15GBRAM [ 384GB @ Active

Folder paths

Result table
s}

hdfs._uc_67ef91f5casb3a12f2b0acs0 = spark.read. parquet(*/UC..

1212b02c50°).option("user", “bahaeddin') option(driver”, org postgresql.Driver’) option(‘password’, "65719fc224e9049abdfc2caz’) loa 1)

postgres_uc_67ef91f5cash3a12f2b0acs0 = spark read.format(dbe”).option("urf g°).option(‘dbtable”, "uc_67

-~ Monitoring Dashboard
Real-Time insights :Track your jupyter Instance via key performance metrics

These features significantly improve efficiency in results analysis, data

X
&

traceability, and the industrialization of AI workflows.

2. Automated Job Creation

Kepler provides a job scheduling system via the Jobs tab.

LAB> Al Scenario > Example Scenario >Jobs

= Keplerd %) wisconario

l"' churn-ml

(o]
English I bahaeddin feriani

Jupyter Instance Jobs

Datasets

Your Jupyter Instance

©Owned By bahaeddin feriani

@ 6-core-15GBRAM £ 384GB @ Active

Folder paths

Result table
ls]

hdfs_uc_67ef9115cash3a1212b0ac50 = spark.read. parquet(*/UC_67e _stock/sc toring’)

option(‘user”, "bahaeddir").option(‘driver’, "org.postgresql.Driver”).option("password”, "65719fc224e9049abafc2ca2’) oz I

postgres_uc_67ef91f5cash3a12f2b0acs0 = spark read.format("jdbe").option("url", "jdbc:postgresql://localhost:5432/monitoring").option(‘dbtable”, uc_67ef91fscash3a12f2boacs

? Steps:

1. From the Jobs window, click the “+” button or “Get Started” to begin.

2. Inthe Job creation interface, the Data Scientist fills in the following fields:
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LAB> Al Scenario > Example Scenario >Jobs>Get Started

= Kepler@) eomn 42 () bonaedin eriani

Datasets Jupyter Instance Jobs

e Job Name
e CRON Expression*: to define the execution time or frequency of the script
e Job Type*:
a. Scenario Training folder
b. Scenario Scoring folder
c. Scenario Data Prep folder
e File Used
e The Job is automatically linked to the active Use Case, identified by its

unique ID in the format UC_<ID>.

¢ The created Job enables the automation of critical tasks such as model
training, periodic scoring, and data preparation, while ensuring full traceability

and reproducibility.

La section suivante détaille les étapes clés du cycle de vie d’un scénario IA, a savoir :
Data Preparation, Data Training , and result scoring and utilization.(Data Scoring).
These steps are essential to ensure the quality, performance, and robustness of the deployed

solutions.

3. Dataset Importation

The datasets used in KeplerAl’s Al scenarios are preloaded through the data ingestion
interface, based on the selected use case. In this step, the goal is simply to associate these
existing datasets with the Al scenario to enable the data preparation, training, and scoring

phases.

? Steps:



Par tanitlab @)

1. Access the Import Module:

LAB> Al Scenario > Example Scenario>Datasets

= KEpIEl‘@ Data Ingest [2] aiscenario Engiish ‘0 bahaeddin feriani

= caisse-ml /

Datasets Jupyter Instance Jobs

®

Import Your Datasets

Get Started

2. Start the Import Process:

Click on the “+” button or “Get Started” to initiate the import.

LAB> Al Scenario > Example Scenario>Datasets
= Keplerw @] Aiscenario English ° bahaeddin feriani

L) caisse-ml

Datasets Jupyter Instance Jobs

@

Import Your Datasets

Get Started 4———

3. Select the Use Case:
In the “Use Case Dataset” field, select the appropriate use case to associate with the
dataset.

4. Choix du type de données :
In the “Type” field, select the data format or ingestion method (e.g., CSV file,

database, etc.).
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LAB> Al Scenario > Example Scenario>Dataset>Get Started

Import dataset

Use case dataset *

Select dataset

- I

Type*

select type

Once successfully imported, the dataset will automatically appear in the list view, displaying

all datasets associated with the selected use case.

= KEQLE-EW (@) Ingestion de données [Z] scenarioia

‘ Al Scenario >chrun > churn-ml

Datasets Jupyter Instance

Vue Liste

Vue d'ensemble de tous les datasets importés

Nom importé le Tallle
TEST Jul17,2025 00m8
hbaha Jul17,2025 389MB
baha Jul17,2025 389MB
data_nigga Jul17,2025 389MB
hbaha Jul17,2025 45.58 M8

Type

Data prep

Data prep

scoring data

scoring data

scoring data

5 0
Francais a bahaeddin feriani

Jobs

1-50f5

From this view, you can:

LAB> Al Scenario > Example Scenario>Dataset

= Kepler@) o orvon 2 mscono

‘ Al Scenario >chrun > churn-ml

Datasets Jupyter Instance

View List
Gomprehensive view of all imported datasets

Name Imported On Size
TEST Jul 17,2025 0.0MB
hbaha Jul 17,2025 389MB
baha Jul 17,2028 389MB

i (]
English a e bahaeddin feriani

Jobs

_— S |

Type

Data prep

Data prep

scoring data
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e Copy the dataset path to use it across different modules:
o Data Preparation
o Training

o Scoring

LAB> Al Scenario > Example Scenario>Dataset>Folder Path

Data Preparation

hdfs://localhost:9000/UC_67ef91f5ca5b3at r|:|

Training

hdfs://localhost:9000/UC_67ef91f5ca5b3at r|:|

Scoring

hdfs://localhost:9000/UC_67ef91f5ca5b3at r|:|

e Delete a dataset, if needed.

LAB> Al Scenario > Example Scenario>Dataset>:

= Kep_[e_gw (o) vetoingesion  [2] alscenario R o e bahaeddin feriani

‘ Al Scenario >chrun > churn-ml

Datasets Jupyter Instance Jobs.
View List Folder Path ®
Comprehensive view of all imported datasets
Name Imported On Size Type
TEST Jul17, 2025 0.0Me Data prep k
hbaha 40117, 2025 389 M8 Data prep Dataset Path
Juc_e7ef9lfscasb3aizi2.. [0
baha Jul 17,2025 3.89MB Scoring data
data_nigga Jul17,2025 389MB Scoring data Delete
hbaha Jul17, 2026 4558 MB Scoring data

1-50f5

. Use the copied dataset paths to quickly integrate your data into Jupyter notebooks

or automated ingestion scripts.
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Onglet 2 :
Data Ingestion
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DATA INGESTION

Introduction

The Data Ingestion phase is a critical starting point for any data processing or analytics
project. It involves importing raw data from various sources (files or databases) into the
distributed HDFS system, where the data is centralized, organized, and prepared for further

use.
In the KeplerAl platform, data ingestion can be performed in two modes:

e Manually via the graphical user interface

e Automatically via a scheduled script (Cron Job)

Both methods support a DevOps-driven approach focused on scalability, repeatability, and

automation of data pipelines.

I. Manual Ingestion via the Kepler Interface

This method is particularly useful for quickly uploading ad hoc datasets or testing sample

data before setting up an automated pipeline.
? Steps to Follow :

1. Access the Platform

e Open KeplerAl
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e Navigate to:

LAB> Data Ingestion > Datasets

= Kegle-!:w () Ingestion de données [Z] scenario 1A

t Ingestion de données

Datasets

Présentation Dataset
Vue d'ensemble de tous les datasets importés

Nom Uploadé par

echeanciers-2025_06_12_15-09

[m} prets-2025_06_12_15-10

Uploadé le catégorie Taile
Jun 12, 2025 Raw data 2.971 Mb
Jun 12, 2025 Raw data 186.677 Kb

Jobs

Catégorie

Fra

ngais

Tags

(]
) e bahaeddin feriani

Filtrer par Use case

caisse -

[n]

(5]

2. Select the Relevant Use Case

o Choose the Use Case in which the dataset will be used

e This step is essential for contextualizing the data and linking it to business-specific

scenarios.

3. Add a New Dataset

e Click on == Add Dataset

LAB> Data Ingestion > Datasets>+

Télécharger le jeu de données

Sélectionnez la méthode appropriée pour ajouter vos données *

Téléchargement de CSV

Téléchargez rapidement vos fichiers CSV par glisser-déposer pour une
intégration fluide de vos données.

Base de Données

% Saisissez facilement vos données directement dans notre interface
conviviale pour un controle précis de la saisie

Suivant
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e Choose the Ingestion Mode:
@ Local File (CSV, XLSX, JSON)
o E Relational Database (MySQL, PostgreSQL, SQL Server, etc.)

A. Ingestion from a File

9 Steps:

1. Fill in the required metadata:

o Dataset Name

© Delimiter Used (e.g., ,, ;, tab, etc.)

o Tags for organizing and filtering datasets
2. Drag and drop the file into the interface or select it manually.
3. Click Validate to upload the dataset

LAB> Data Ingestion > Datasets>+>CSV File Upload

Upload dataset

Name * Delimiter*

name delimiter

Drag and drop your CSV, XLSX or XLS file here or click to browse.

Preview

¢ Les Imported files are saved in the Use Case's RAW directory, allowing

future use for data preparation, visualization, or modeling.

B. Ingestion from a Database

9 Steps:

1. Choose the database type: MySQL, PostgreSQL, SQL Server, etc.
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LAB> Data Ingestion > Datasets>+>Database

Upload dataset

oDatabaseType 2 Database Credentials 3 Table Selection 4 Scheduler

MySQL
Basic MysQL database

SQL Server
Microsoft's Data Management Solution

PostgresqL
Open-source Database Management

2. Provide connection details:

o IP address or hostname

o Port

o Database name

o Access credentials (username/password)
3. Select the source table to import

4. (Optional) Configure a scheduler to define an automatic ingestion frequency

II. Automated Data Ingestion via Script (Scheduled Job)

To automate data ingestion, KeplerAl allows the creation of scheduled jobs (Cron Jobs).
These jobs periodically execute a PySpark or Python script, enabling regular data updates

without manual intervention.
9 Steps to Create a Job :

1. Access the Jobs Section

e Navigate to : LAB >Data Ingestion> Jobs

= KEP'EP Q) Dataingestion [ alscenario Engiish !0 bahaeddin feriani
Filte By Use case
F‘ Data Ingestion chrun -
Datasets Jobs

View List

= Filter [©)
This is a comprehensive st of all the created cron jobs

Name Created on Last Run Created By Type Cron Expression Status

hello Jun 18,2025 18 June, 2025 (09:31) bahaeddin feriani dataset_cron  rrEEs Paused

1-tor1
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e Cliquer sur "Commencer" ou sur le bouton == Ajouter un Job

2. Select the Relevant Use Case

e Associate the job with the appropriate Use Case, just as with datasets.

3. Fill in Job Fields

Field Description
Job Name Enter a clear and descriptive name to identify the ingestion task.
CRON Define the execution frequency using a CRON syntax (Minute, Hour, Day,
Expression etc.).
Script Editor Use the embedded editor to write or paste the Python or PySpark ingestion
script.
Ensure your script is validated and tested within a Jupyter environment before

3¢
-

deploying it as a job.

LAB >Data Ingestion>Jobs>Get Started

= Kepler) o momonsocomnee

(]
) bahaeddin feriani

Créer un Cron Job

Expression Cron *
vinute Houre sour Mois

0 15

<I> @ enregistrer le scrip!

1 print("script python®)
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III. Script Lifecycle Management

KeplerAl provides a structured lifecycle for managing automated ingestion scripts:

LAB >Data Ingestion>Jobs

— (]
= KEQ'EI‘@ (Q) Ingestion de données [E] scénario1a Frangais ) bahaeddin feriani
Filtrer par Use case
E Ingestion de données chrun -
Datasets Jobs
Vueliste R i = Filtrer ®
Ceci est une liste compléte de toutes les taches cron créées
Nom Créele Derniére exécution Crée par Type Expression Cron Status
hello Jun 18, 2025 18 June, 2025 (09:31) e bahaeddin feriani dataset_cron  *rrrx Paused
~Tof1 Logs
Editer —
Supprimer
Resume

e Edit: Update the CRON schedule

Update cron job

Cron Expression *

Minute Hour

e Active: The script is validated and running in production
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!

Are you sure you want to
activate this cron job ?

Confirm Cancel

e Paused: The script is temporarily disabled

e Deleted: The script is archived or removed

Are you sure to permanently
delete hello ?

Confirm Cancel

This structure ensures full traceability and smooth pipeline governance.

IV. Key Advantages of Centralized Ingestion in Kepler

e Time-saving through automation
e Dataset reusability across multiple scenarios
e Secured access with managed credentials

e Native integration with analytics and Al processes

= Structured Data Organization in Clear HDFS Directories:
bash

CopierModifier

/UC_<ID>/data_stock/raw_data/table <NomTable>
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® LAB >Data Ingestion>Datasets> Cut Icon

Modifier le dataset

Nom

/UC_67ef91f5ca5b3a12f2b0ac50/data_stock/rawdata/readme-2025_05. F|:|

This structure centralizes raw data for each use case while maintaining a clean and

accessible layout for the next stages: preparation, training, and scoring.

V. Data Extraction

Once data is ingested into HDFS, the extraction phase loads it as a Spark DataFrame,

enabling scalable, resilient processing.

Two extraction modes are available based on business needs:

1. Append Mode (Incremental)

e Automatically filters records from the previous day (D-1) using a timestamp or date
column
e Only new data is added, avoiding duplication

e Ideal for daily data streams

2. Overwrite Mode (Full Refresh)

e Rewrites all extracted data
e Deletes existing files in the HDFS target directory

e Recommended when a complete rebuild is needed to ensure data consistency
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Conclusion

The Data Ingestion module in KeplerAl provides a comprehensive, scalable, and flexible
solution for importing data from various sources—both manually and automatically. It is part
of a modern DevOps approach, ensuring continuous data availability ready for analytics,

modeling, or scoring workflows..



Par tanitlab{)

Onglet 3 :
Data Preparation
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DATA PREPARATION

Introduction

Once the Use Case and corresponding Al Scenario are created in KEPLER, the Data
Scientist can initiate the data preparation phase—an essential step to ensure the quality and
relevance of the information used by Al algorithms.

This phase consists of two main stages:

e Development of the data preparation logic within the Jupyter environment
e Automation of the workflow through Cron Jobs in the LAB interface

I. Preparation Steps in Jupyter
1. Accessing the Environment

The Data Scientist accesses the Jupyter environment through the KEPLER interface by
following these steps:

From the Home page, go to the LAB module

Click on AI Scenario in the sidebar

Select an existing scenario from the Al Scenarios list
In the Jupyter Instance section:

b=

o If'the instance is shown as inactive, click Activate
o Once active, click Open to launch the Jupyter environment
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LAB> Al Scenario > Example Scenario>Jupyter Instance

— . ]
= Kepler‘w oataingestion  [E] Alscenario English ) bahaeddin feriani
Ly churn-ml
Datasets Jupyter Instance Jobs
Your Jupyter Instance
©Owned By bahaeddin feriani
@ 6-core-15GBRAM 5 384GB @ Active
Folder paths 11 stop
ey ——> [ Open
 Delete

~ Monitoring Dashboard

Real-Time insights Track your jupyter Instance via key performance metrics.

Once inside the Jupyter instance, the user will see a folder structure with three
directories:

e dataprep
® training
® scoring

Main folder for this phase: Jupiter Lab>dataprep

: File Edit View Run Kernel Tabs Settings Help
» + e} 2 Launcher +
‘ Filter files by name Q ‘
-/ E‘ Notebook
= _Name - Modified
B data prep ad ago ﬁ
B8 scoring 4d ago Python 3
8 training 6d ago (ipykernel)
Console
Python 3
(ipykernel)
Other
= < =1
Terminal Text File Markdown File Python File Show Contextual
Help
Simple 0 o0&

main
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These directories are empty by default and are designed to organize the scripts and files
required for the Al pipeline.

2. Developing the Notebooks

The Data Scientist begins the data preparation process using .ipynb files (Jupyter
Notebooks). These notebooks act as working drafts used to design, test, and refine the data
transformations.

? Typical steps carried out in the notebooks:

Loading raw datasets

Initial cleaning: removing duplicates, filtering anomalies

Merging multiple data sources

Applying mappings or enrichment from external reference tables

Selecting relevant columns

Generating a first historical table, which becomes visible in the Monitoring view

3. Visualization and Validation

The resulting datasets are manually validated within the Jupyter interface.

KEPLER automatically provides HDFS dataset paths, simplifying access, reading, and
extraction of the data.

{74 This phase ensures that the transformations are reliable before being automated.

II. Automation with Cron Job
1. Transforming the Notebook into an Executable Script

Once data preparation steps have been validated, the Data Scientist :

Consolidates the key processing logic into a .py file.
Places this file into the appropriate directory (dataprep, scoring, etc.)
Prepares the script for automated execution using a Cron Job

I. Only Python scripts (.py) are supported by Cron Jobs—IJupyter notebooks
(.1pynb) are not compatible.

2. Creating a Cron Job

Kepler provides a built-in job scheduling system:
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1. From the Jobs window, click on “+” or “Get Started”

2. Inthe Job creation interface, the Data Scientist fills out the required parameters:

LAB> Al rio > E rio>
= Keplerw (2] arscenario English 'y bahaeddin feriani
l"‘ churn-ml
Datasets Jupyter Instance Jobs
Create Your First Job
Ld
3. Job Configuration Parameters
LAB> Al Scenario > Example Scenario>Jobs
= KEplE!'w (@] Aiscenario English ‘O bahaeddin feriani
l" churn-ml
Datasets Jupyter Instance Jobs
Create Cron Job
Name * Cron Expression * Job type * File *

Scenario Training folder

Scenario Scoring folder

Scenario Data prep
folder

/

v

e Job Name
e CRON Expression*: Defines the script execution frequency
e Job Type*:
a. Scenario Training folder
b. Scenario Scoring folder
c. Scenario Data Prep folder
e Script to Execute (.py): script final a exécuter automatiquement
e The job is automatically linked to the active Use Case, identified by a unique ID in

the format UC_<ID>.
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4. Registration and Execution
Once saved, the job will be executed automatically according to the defined CRON schedule.
The cleaned datasets will be:

e Stored in a new HDFS path, defined within the script
e Ready to be consumed by subsequent steps: training, scoring, or visualization

{74 This automation enables continuous updates of datasets without manual intervention.

Conclusion

The data preparation phase in KeplerAl is based on a rigorous and structured approach,
combining:

e A manual exploratory phase using Jupyter Notebooks to develop and test data
transformation steps

e An automated execution phase via Cron Jobs to ensure regularity and sustainability
of the Al pipeline

This workflow ensures that data is reliable, traceable, and continuously updated — all of
which are critical to the robust performance of machine learning algorithms.
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Onglet 4:
Data Training
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DATA TRAINING

Introduction

Once the data has been prepared and cleaned via the Data Preparation Job, the Data

Scientist proceeds to the next stage: training the artificial intelligence model.

This phase involves using the transformed data to build a predictive or classification model

using machine learning algorithms.

I. Manual Phase in Jupyter

Before any automation is put in place, the Data Scientist conducts experiments and model

development within the Jupyter Lab environment—similar to the data preparation phase.

This phase is entirely manual, without the use of Cron Jobs, and allows for the design,

testing, and validation of the notebooks used for model training.
1. Accessing Jupyter Environment via KEPLER

The Data Scientist can access the Jupyter environment through the KEPLER interface by

following these steps:

1. From the Home page, navigate to the LAB module;
In the sidebar menu, click on AI Scenario;

Select an existing scenario from the list;

Eal

In the Jupyter Instance section:
o If the instance is inactive, click Activate;

o Once activated, click Open to launch Jupyter Lab.
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LAB> Al Scenario > Example Scenario>Jupyter Instance

= Keplerf) @) scinarion

F churn-ml

Datasets Jupyter Instance

Votre instance Jupyter

Propriétaire bahaeddin feriani

© 6-core+15GBRAM & 384GB @ Active

~/ Tableau de bord de surveillance

Informations en temps réel : Suivez votre instance Jupyter grace & des mesures de performance clés.

2. Working in the Training Directory

Once in Jupyter, the Data Scientist navigates to the training

(]
Frangais I bahaeddin feriani
Jobs
11 Arréter
.
T supprimer

folder within the scenario

workspace. There, they create one or more .ipynb notebooks for experimentation and model

training.

Main folder for this phase: Jupiter Lab>training

.~ File Edit View Run Kernel Tabs Settings Help

& * ¢ @ Launcher +

o r

‘ Filter files by name Q |

-/ IE' Notebook
= Name - Modified

B8 data_prep 4d ago ﬂ
* B model_registry_te... 6d ago

B scoring 4d ago

Python 3

M training 6d agol ' (ipykernel)
Console

A

Python 3
(ipykernel)

Other

B =

Terminal Text File Markdown File

? Typical Steps in a Training Notebook:

M

v

=

Python File

=1

Show Contextual
Help

e Load the cleaned dataset from the HDFS path generated during the previous dataprep

phase.
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e Perform feature engineering: selection, transformation, encoding, or normalization
of variables

e Split the dataset into training and test sets, or apply cross-validation techniques

e Train the model (e.g., XGBoost, Random Forest, SVM, etc.)

e Evaluate the model using metrics such as accuracy, recall, AUC, RMSE, ...

e Save the trained model to an HDFS directory (/model or /scenario training output)

s® At this stage, training is entirely manual and not part of any automated

Cron Job. It is executed only once unless the model needs to be retrained.

II. Automated Training Job Creation

In some situations—particularly when the dataset is updated frequently—it may be

appropriate to automate the training process using a Cron Job.

I\ Model training is generally not intended to be scheduled as frequently as Data
Preparation or Scoring. In most cases, the training process is executed only once, or

manually upon request.
1. Creating the Training Job in KEPLER

Once the training script has been exported from the .ipynb notebook to a .py Python file, the

job can be created directly from the interface.

Navigation path:

LAB> AI Scenario > Example Scenario>Jobs

= KEpIEl‘w ] Arscenario English ° bahaeddin ferian
™~ churn-ml

ssssssss

Create Cron Job

Name * Cron Expression

Weok
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X Training Job Configuration Parameters:

e Job Name: e.g., Training Model XGB VI

e Cron Expression (optional): only if periodic retraining is required
e Job Type: Scenario Training Folder

e .py File: the final Python training script

s The script must first be authored and tested within Jupyter, and then manually
selected when configuring the job in the KEPLER interface.

III. Objectives of the Training Phase

The objective of this step is to produce an efficient Al model from the processed data.
The main actions include:

e Ultilizing high-quality data output from the Data Preparation phase
e Building a reliable and robust model

e Evaluating its performance on test datasets

e Saving the trained model in HDFS for use in the next step (Scoring)

e Analyzing results and logs from the monitoring interface

IV. Visualization and Adjustments

Once the Job has been executed, the Data Scientist can:

e Review execution logs directly in KEPLER
e Monitor the model’s performance (e.g., plots, evaluation metrics)
e Return to Jupyter to fine-tune the code if needed

e Reschedule a retraining if the results are unsatisfactory

Conclusion

Model training is a critical stage in the AI pipeline, where structured data is transformed

into usable predictive models.



Par tanitlab @)

Unlike Data Preparation or Scoring, the Training Job is rarely automated, as it typically

involves significant manual development and iterative adjustments in Jupyter.

s® The trained model will later be used in the Scoring phase, which can be automated for

daily or periodic evaluation tasks.
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Onglet 5:
Data Scoring
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DATA SCORING

Introduction

Once the model has been trained and validated in the previous phase, the Data Scientist

proceeds to the final step of the Al pipeline: scoring.

This step involves applying the saved model to new data in order to generate actionable

predictions (scores, classes, probabilities, etc.).
It is typically performed in two phases:

e First, a manual development phase in Jupyter to test and validate the process.
e Then, an automated execution via a Cron Job within the LAB interface for regular

production runs.

I. Manual Phase in Jupyter

As with data preparation and training, the Data Scientist begins in Jupyter Lab to develop

and test the scoring logic.
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Main folder for this phase: Jupyter Lab > scoring

File Edit View Run Kernel Tabs Settings Help

)

- B + e @ Launcher +
o | Filter files by name Q

-/ E Notebook
i= Name - Modified

B data_prep 4d ago ﬂ
* B _model registry te.. 6d ago
| B scoring 4d agol mﬁ 3
raining ©d ago (ipykemel)
Console

Python 3
(ipykernel)

Other
v ée =m

Terminal Text File Markdown File Python File Show Contextual
Help

Simple o Mo {8

? Typical steps in the scoring notebook:

e Load the trained model (from /model or scenario_training output folder)
e [ oad the new data to be scored (from an HDFS path or business table)
e Apply the model to the data

e Perform any necessary post-processing: score normalization, business tag enrichment,

etc.

e Save the output results to an HDFS directory (typically /scenario_scoring output)

& This manual phase ensures that the scoring logic works as expected before proceeding

to automation.

II. Automation with a Cron Job

Once the scoring notebook has been validated, it is converted into a .pYy script, with the

following requirements:
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e The script must be written in Python ( I\ PySpark is not supported in Cron Jobs)

e The script must be saved in the scoring directory within the project structure
The Data Scientist can then automate the execution via the Jobs interface in KEPLER.
Navigation path:

LAB> Al Scenario > Example Scenario>Jobs

Datasets Jupyter Instance Jobs

K Scoring Job Parameters:

e Job Name: e.g., Scoring V1 Risk Client

e Job Type: Scenario Scoring Folder

e Script Type: Python (mandatory)

e Cron Expression: defines the execution frequency (e.g., 0 18 * * * — every day at 6
PM)

e .py File: the validated scoring script developed in Jupyter

III. Objectifs de I’étape de Scoring

The scoring phase marks the final stage of the AI pipeline. Its primary purpose is to
leverage the trained model to generate actionable predictions on updated data in a regular

and automated manner.

Beyond merely applying the model, this step aims to structure and deploy the outputs
within an appropriate technical architecture, ensuring their seamless integration into

monitoring, decision-making, and analytical tools.
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J- Expected Outputs and Associated Actions:

e Automatic loading of the validated model (previously saved in the
scenario_training output directory)
e Application of the model to new datasets originating from HDFS or business
sources.
e Prediction generation: scores, probabilities, or class labels depending on the use
case.
o Business-specific post-processing: normalization, semantic enrichment, filtering,
tagging, or categorization.
e Structured storage of results in two complementary locations:
o An HDFS table containing all calculated columns and analytical metadata.
o A PostgreSQL table, configured with customized columns for optimized

visualization in KeplerAI’s Monitoring module dashboards.

%/ Integration into KeplerAl Monitoring
Within the Kepler AI Monitoring interface :

e The main dashboard is populated from the PostgreSQL table, chosen for its

lightweight structure and visual clarity.

“« y )/‘>
= Kepler®d e 4% (@) banasddin terari

Q_ M™onitoring key-onboarding-demo

key-onboarding-demo
) ; Al Scenario - O export
Comprehensive view of all scored transactions

D

Trans_73014624 3423183

O 00O O0OO0Oooo o

e FEach row corresponds to a prediction or transaction.
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e When a row is selected, a contextual popup opens dynamically. This popup performs
a live join using the id_kepler identifier to query the HDFS table and display detailed

information (features, scores, IDs, etc.).

Modules exemple “onboarding”>Monitoring>Details

. (]
Engish ) bahaeddin feriani

= Details c R
Data info Action Notification

Client 3423181
id_kepler 645

id_transaction Trans_73014624
Agence_affiliée Agence_BenArousl
Région Kairouan

Periode 03/2025

MAJ_par Agent_45327

Nom Crypté

Prénom Crypté

Genre Masculin

etat_civil Marié
Date_de_naissance 1994-04-26
Nationalité

CIN

Tel

Email
Lieu_naissance
CcsP
Occupation

Secteur dactivité ACTIVITES FINANCIERES ET D'ASSURANCE
Revenu_annuel Crypté
Nombre_de_compte 4
Compte_epargne oui
ie Oui

changement_dadresse Non

%/ Final Deployment

Scoring deployment goes beyond merely executing a Python script. It entails a full

orchestration of the following deliverables:

e Generation of the complete HDFS table from scoring outputs.

e C(reation of a lightweight PostgreSQL table tailored for Ul display.

e Sectup of automatic linkage between both tables via the id kepler field.

e Verification of the Monitoring interface's behavior (table + pop-up functionality).

e Integration into business analytics and decision-making workflows.
This approach ensures full traceability, smooth consultation of predictions, and robust

integration into existing business tools.

IV. Execution and Automation

Once configured, the Job runs automatically according to the defined schedule. It becomes a
key component of the Al production chain, enabling real-time or periodic monitoring of key

phenomena (risks, anomalies, customer behavior, etc.).
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s® All automated Jobs are visible and traceable via the KEPLER interface. Execution logs

and potential errors are accessible for easier debugging and maintenance.

Conclusion

Scoring represents the final, operational stage of the Al pipeline. It applies trained models to

new data to generate business value.

Unlike the training phase, scoring is automated by default, as it relies on a stable,

reproducible process designed to run on a recurring basis.

s# Only Python scripts are supported by Cron Jobs. Therefore, the scoring process must be

tested, converted to .py, and manually selected during Job creation.
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